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ABSTRACT: We use experimental economics methods to better understand personal
income tax compliance behavior when a portion of an individud’ sincome is rdaively
difficult to detect by the tax authority. Sdf-employment income represents a type of
income that could be difficult to identify, in part because there is no third party to report
such income to the tax authority. In this experiment, subjects earn income and are told
they must pay taxes on it. They choose what portion to report to the tax authority. They
aretold that a certain portion of their income can be detected with certainty while the
remainder can only be detected with some known probability. They are dso aware of the
audit and the tax rates. Preliminary resultsindicate that overal levels of tax compliance
do not respond significantly to earning larger portions of income that is not perfectly
detectable. Results dso indicate that tax compliance rates decline with lower audit rates
and with higher tax rates.
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1. Introduction

The methods by which income is reported to the tax authority vary sgnificantly
across types of employment in the United States. One such difference is the requirement
that employers must report their employees income to the taxing authority - referred to
herein as a matched income arrangement — while the income of saif-employed individuas
is not reported to the federa or state taxing authority by athird party (referred to,
correspondingly, as nortmatched income). This lack of secondary income reporting
among saf-employed individuas may decrease the likelihood that this group would be
detected evading taxes. To the extent this reasoning is empiricaly vadid, sdf-employed
individuals would face alower effective tax ratein asmple rationa tax evasion modd,*
dl ds=equa. Thelower effective tax rate would artificialy increase the return to sdlf
employment and inefficiently increase the number of sdf employed individuds.

The primary motivation for an examination into the effects of differing
compliance behavior resulting from matched versus non matched income comes from the
possible tax evason among the saf-employed. Indeed, the idea thet the sdf-employed
have different income tax compliance behavior is longstanding in the literature (see
Feingtein, 1991 and GAO, 1990 for examples). The empiricd literature has adso provided
some support for the idea that evasion partidly motivates the transtion between sdif-
employment and wage and sdlary employment. Bruce (2000) provides suggestive
evidence that individuds enter into self-employment to exploit the tax evasion
opportunities therewith associated. However, theissueis yet to be tested, to our

knowledge, using experimental methods.

! See Andreoni, Erard, and Feinstein (1998) for adiscussion of tax evasion models.



Experimenta methodology provides severd advantages in examining patterns of
evasion across groups who face different probabilities that their income will be detected
by the tax authority. Most importantly, an appropriately designed experiment will dlow
for abetter isolation of the fundamentd influences arising from variaionsin the income
meatching policy between wage and sdlary employment and self-employment, relative to
naturaly occurring data. In addition, fully accurate naturaly occurring data are nearly
impossible to obtain regarding tax evason due to the nature of the issue: individuas
intentiondly hide evasgon in many cases. Experimenta methodology provides an
advantageous dternative means of addressing these questionsin that it avoids problems
associated with these datainaccuracies. However, experiments do give rise to ahost of
different shortcomings and should be interpreted as another mode of analyss, not asthe
only appropriate method.

In this paper we design an experiment to test whether individuas exhibit higher
tax compliance rates when the probability of being detected evading taxes is lower
between income types. This Stuation would likely arise when an externd party reports
an individud’ s income to the taxing authorities relative to cases in which there is no third
party reporting, such asisthe case with individuas who work in wage and sdary jobs
relative to those that are salf employed. We dso examine the effects of tax rates, audit
rates, gross income, and other factors on tax compliance behavior. Thisinformation is
relevant to policy questions that surround the design of optima income tax reporting and
auditing systems and whether government should engineer tax policy to favor movement

between modes of employment.



The study is organized asfollows. Section 2 provides areview of the rdlevant
literature. The experimenta designisexplained in section 3. 1n section 4 we present our
results and a discussion and section 5 concludes. Prdiminary results indicate that
individuas who earn rlaively more non-matched income do not exhibit sgnificantly
different tax compliance patterns. Results o indicate that higher tax rates and lower

audit rates lead to more tax evasion.

2. Exigting Literature

The focus of this paper is on differencesin tax compliance behavior between
individuals who earn matched income to those who earn non-matched income. The
moativation is primarily due to suspected tax non-compliance of the sdf-employed, to be
discussed below. A foremost motivation for this non-compliance islikely the lack of
vighility of the income of the slf-employed (Kagan, 1989), whichisin large part dueto
the non-matched income arrangement in that sector.? Therefore, the extent to which self-
employment non-compliance is reated to alack of income matching warrants the
following discussion.

Researchers have hypothesized for years about the differing compliance behavior
between sdlf-employed individuds and individuas in wage and sdlary employmen.
Feingtein (1991, p. 15) concludes, “ Schedule C (own business) and F (farm) filers are
much more likely to evade than the average taxpayer.” Scheutze and Bruce (2004), in
providing areview of the literature on taxation and sdlf-employment, conclude that tax

non-compliance among the saf-employed is a sgnificant concern. In support of this

2 Other reasons for non-compliancein this sector could be alack of income withholding or simply a
misunderstanding of the tax system.



clam they cite research that finds this sector of the economy makes a very significant
contribution to the total level of tax evason in the nation. One of the sudiesin their
review (U.S. Generd Accounting Office, 1990) estimates that, for 1987, sdlf-employed
individuals account for 63 percent of the $48 hillion in unreported income. Furthermore,
Kagan (1989) reports findings from an IRS study of tax returns (IRS, 1983) which
edimates that only 50.3 percent of nonfarm proprietor income is voluntarily reported to
the IRS compared to 93.9 percent of wage and salary income for 1979. Kagan goes on to
discuss another IRS study in which individuas that were treated as independent
contractors (and had no income reported or withheld by athird party). The study found a
low percentage of income reported overall and 47 percent of the independent contractors
did not report any of their earnings.

In addition, the empirical literature has found suggestive evidence that individuads
enter into sAlf-employment to take advantage of non-compliance opportunities. For
example, Bruce (2000) finds that higher tax rates, aswell asthe differentia between the
margind tax rates of wage-and-sdary and sdf-employment, both increase self-
employment. He gates that this result could be interpreted as evidence that individuas
may enter into self-employment to exploit the associated evasion opportunities.

However, clear conclusons regarding the magnitude of tax evasion among the
sdf-employed are till usive to researchers despite the large literature on the subject.
Thisisin large part due to the difficulty in estimating the magnitudes of evason given
the difficulty in capturing accurate information about tax reporting behavior in the
naturaly occurring world. Thisis aso because many taxpayers who underreport

intentiondly attempt to hide income so as not to be caught. Also, numerous other



confounding effects blur the picture, such as ambiguous tax laws regarding deductions
and non-filers (who are often difficult to capture in a data set) make clear estimates of tax
non-compliance difficult to obtain. Theseissuesarisein virtudly al exiging Sudies

which rely on naturaly occurring datain the form of tax return or survey data.

3. Experimental and Analytical Design

We begin this section with a description of the experimenta design used in this
sudy. Then we highlight the behaviord hypotheses that are tested. Last we discuss of
the andyticad methodology that is used.
Experimenta Design

The current experiment uses the same basic experimenta design and platform of
Alm, Jackson, and McKee (2004) (heresfer AIM). The difference isthe incorporation of
an examination of the effects matched versus non-matched income. The experimenta
dructure attempits to replicate the fundamenta eements of the income tax in the United
Statesthat include the following steps. Firgt subjects earn income by performing a
ampletask. Then they report some or dl of it to the taxing authority and pay taxes on
the amount reported. Next, audit is randomly determined with some known probability.
If asubject isaudited, whether any unreported income is detected is randomly
determined, dso with aknown probability. Findly, if anindividud isnot in compliance
and is not detected, he or she pays additiona taxes owed and a pendty. This procedure

should provide for the necessary degree of “paralelism” to the naturdly occurring world



that is crucid to the applicability of any experimenta result (Smith, 1982). That is, the
experimental setting here should capture dl of the fundamenta éements of the naturdly
occurring world such that the results obtained here are gpplicable to actud policy.

The experiment proceeds in the following fashion. Each subject Stsat algptop
computer in acubicle and is not alowed to communicate with other subjects. This
diminates any potentia peer effects that could blur the conclusions of the study. All
actions that subjects take are made on their computer. Subjectsinitially earn income
based upon their performance in a smple computerized task. More specificdly, they are
required to move numbersin the correct order from one location on the computer screen
to another location. The subject who finishes the task with the quickest time earns the
highest income, 100 “lab dollars” The second and third place finishers earn 90 lab
dollars, the fourth and fifth place finishers earn 80 lab dollars, and soon. Tiesare
randomly broken. Subjects are informed of their earnings relative to those other
paticipantsin their experiment. Thisis the only knowledge they have of other
participants.

After earning income, subjects see a screen that reports their income aswell asthe
income of the other participants. This screen adso presents al other relevant parameters
that subjects need in their decison making process. These include the audit rate, the tax
rate, the percentage of income that is matchable, the pendty rate on unreported income,
and the probability of being detected if they fail to report dl of their non-matched
income. Subjects then choose what percentage of their matchable and non-matchable

income to report to the tax authority.® They are told that they are obligated to report all

3 During the instructions subjects are informed of what matched and non-matched income is and that a real
world example of non-matched incomeis tip income.



of their income, but it is ultimately their decison. They are able to report any percentage
between 0 and 100 percent (no decimals) of each type of income. The computer
automatically reports taxes owed. It also computes tax ligbility based on the fractions of
matched and non-matched income that subjects report. Subjects are able to experiment
with different fractions before deciding upon afina percentage to report with a calculator
that is built into the software. This helps promote full information decisor making.
Subjects may aso view a history of previous rounds before making adecison. A virtua
bingo cage determines whether subjects are audited. More specificaly, audit is
determined by the selection of acolored bal from a cage with 10 ballstotal. The number
of colored balls represent audit while white balls represent no audit. The computer
automatically deducts taxes paid and pendlties (if any are owed) from subjects accounts.
Income for each round is represented by the following equation:

After Tax Income=G -t G [M*Ry, + U*R ] —

A{t+P)G[M (1-Ry) +DU (1-Ry)], where

G = grossincome,
t = tax rate,
M = percentage of income that is matched,
R = percentage of matched income that is reported,
U = percentage of non-matched income that is reported,
Ry = percentage of unmatched income that is reported.
A = 1if individud is audited, O otherwise
P = pendlty rate on unreported income

D = 1if subject is detected upon not fully reporting non-matched income,
0 otherwise

Subjects are informed that they keep their after tax earnings at the end of the experiment,
converted from lab dollarsto US dollars at the rate of 90 to 1, and paid in cash. After
incomeis reported and audit is determined, subjects see one find screen that summarizes

everything that happened during that round.



Table 1 reports the parameters used in the experiment. We dlow for five
combinations of matched versus non-matched income: O percent, 25 percent, 50 percent,
75 percent, and 100 percent nonmatched and the corresponding matched percentages:
These combinations should provide for a broad understanding of the relationship between
income matching policies and tax compliance behavior. There are three different tax
rates. 20 percent, 35 percent, and 50 percent. The 50 percent tax rateis closdy
representative of an effective margind tax rate for high-income individuas when
consdering top margina persona income tax rates in combination with payroll taxes
under the federd tax system in the United States.

The probability of audit varies between 10 percent and 30 percent. These rates
are much higher than actud audit rates in the United States. However, amore redigtic
audit rate, around two percent, would yield less meaningful results in this setting because
there would be so few auditsin each sesson. The implications of this divergence from a
more redigtic setting are discussed below. The probability that an individud is detected
evading taxes varies between matched and non-matched income. The probability of
detection will be fixed a 100 percent for matched income for smplicity. Detection rates
vary among 25 percent, 50 percent, and 75 percent for non-matched income. The pendty
rate on unreported income is held constant at arate of 50 percent.

At the beginning of each session, subjects participate in two practice rounds to
ensure that they are comfortable with the Stuation and to dlow them to ask darifying
guestions before the actua rounds begins. Earnings per subject fdl in the $19 - $37

range based upon performance in the experiment, the tax parameters used in a particular

* For this preliminary version the 25 percent non-matched and 75 percent non-matched treatments are
omitted.



session, and chance. The preiminary experimenta design requires the adminigtration of

7 s=ssonsasoutlined in Table 2. Sessions consisted of either 16, 14, or 12 subjects each
based on subject availability.® Each session involves two stages, each with 15 rounds.
The audit rate isthe only parameter that changes between sessons. In totd we utilized

98 subjects resulting in 2,940 observations.

The experiment follows the platform used by AIM (2004). It uses the same
laboratory equipment (i.e., 16 notebook computers and a server machine) and software.
Sessons were conducted on the University of Tennessee campus using undergraduate
students that were recruited randomly from various classes. Subjects were not alowed to
participate in more than one sesson and had no prior experience in this series of
experimentation. Methods adhere to al guiddines concerning the ethica treatment of

human subjects.

Behaviora Hypotheses

This experimenta setting alows for an examingtion of five behaviord
hypotheses. They are asfollows:

H1: Individuds areless likdy to fully comply with tax rules when the tax
authority experiences difficulty in detecting alarger portion of their income.

H2: Higher tax rates lead to lower levels of tax compliance.
H3: Higher audit rates lead to higher levels of tax compliance.
H4: Higher wedth leadsto lower levels of tax compliance.

H5: An audit in the previous round leads to higher leves of tax compliance.

® Subjects are divided into two groups based upon the structure of AJM (2004). This division is maintained
in this study to make for a better parallel to the previous study even though it is not required. The grouping
is due to the information-sharing and public good components of AJM (2004).



The firgt hypothesisis, of course, the focd point of thisstudy. The second
hypothesis contributes to the rather large literature on the topic in which theoretical
predictions are anbiguous and empirica assessments are difficult to obtain. Smilarly,
audit rates certainly change the expected vaue of reporting income versus not reporting,
and would likely affect tax compliance. Wedth may affect tax compliance by affecting
the margind utility of another dollar of income and, correspondingly, on€ srisk
preferences. Audits in the previous round would not affect compliancein arationd
evason mode since the current round isindependent of any previous rounds. However,
individuals may dtill respond to past audits because of (a) the “gambler’ sfalacy” or (b)
the notion of “catching up.” The gambler’ sfalacy means that individuas may
incorrectly believe that an audit in the last round means that an audit in the current round
islesslikely. Catching up meansthat, if anindividua was audited in the previous round,
they may evade more to earn more income to make up for the pendty pad earlier.

An important congderation is the expected vaue of reporting income versus not
reporting. Table 3 reports the difference in the expected value of reporting 100 dollars of
income versus not reporting any income for matched and nort matched income for each
tax rate, audit rate, and non-meatched income detection probability combination used in
thissudy. Of course, if individuds followed ample mathematicd modes perfectly and
were risk neutral, these expected va ue caculations would predict behavior without error,
and there would be no need for an experimenta test. However, individuals are probably
not perfectly risk neutra and aso may not follow a smple modd of income
maximization. In part, this sudy tests the perceptions of individuals. Theindividuas

may have other reasons to comply or not, such asamord vaues associated with

6 See Andreoni, Erard and Feinstein (1998) for a discussion of this result.



compliance or “chesating.” They aso may focus on certain parameters more than others
smply dueto their priors that have been derived from the media or other sources. For
example, an individud may overweight the tax rate sSmply because he or sheisfamiliar
with it due to prior experience. Indeed, we use non-neutra terminology (i.e., tax
language) in this experiment to enhance paraldism with the naturaly occurring tax
environment.

None-the-less, the expected vaue is till important because asmple rationd tax
evason modd likely explains a sgnificant portion of individud behavior. The
parameters are structured such that, for arisk neutra individud, it isrationd to evadein
most cases. Thus, the difference between the expected value of compliance and the
expected vaue of non-compliance is negativein al but one case — with alow tax rate ad
ahigh audit rate on matched income. We lean on the negative Sde Since we assume that
mogt individuds are risk neutrd. We have attempted to arrange for afairly vast range of
expected value differences. Holding tax and audit rates constant, not reporting non-

matched income dways carries alarger expected gain relative to matched income

Andlytical Desgn
The primary component of this study conssts of a generalized least squares

regresson modd that explainsincome tax compliance as afunction of severd tax
variables and grossincome. The modd includes subject specific effects to control for
individua specific characteristics. Thismode alows for heteroskedadticity across
individuas. Income tax compliance is measured as the percentage of totd incomethet is

reported to the tax authority. The basdline modd is summarized asfollows:

Percent of Gross Income Reported; ; = 3 + 3; Gross Income; ¢ +



13, Percent Non-Matched; ; + 33 Tax Ratg ¢ + 34 Audit Rate ; + €,

wherei and t areindividud and round indices, and ;= u; + wi;. The traditional error
term is denoted by wi; and is assumed to meet dl of the usud requirements. The
individual- specific effect is denoted by u; and controls for individual level heterogeneity.’

Appendix 1 presents summary datistics for al of the variables used in thisandysis.

4. Resaults and Discussion

Simple Results
We begin with areview of severa sets of cross tabulations to compare

compliance behavior based upon various parameters. Figure 1 presents the distribution
of average tax compliance rates for individuas, over 30 rounds, for matched and norn+
matched income. Here, as dways, tax compliance is measured as the percentage of a
subjects gross income that he or she reports to the tax authority. Most individuas posted
average compliance rates at the extremes, either close to 100 percent compliance or zero
percent compliance. Thisisexpected if risk preferences do not change over theincome
range of this study. Regarding compliance patterns for matched and non-matched
income, afairly strong picture emerges from this figure: anoticeably larger portion of
non-matched income fdlsinto the 0-20 average compliance rate range while alarger
percentage of matched income falsinto the 81-100 range, providing weak evidence that
no-matched income leads to more evasion.

Figure 2 presents overal compliance rates by the percentage of incomethat is

nor-matched. The primary hypothesis of this study is that that compliance decreases as

" We also included round fixed effects in a preliminary but they were not statistically significant
determinants of compliance rates.



more of an individud’ sincome is nor-matched. However, this smple anadlysisfailsto
provide strong evidence in support of this assertion as evidence in the figure. Indeed, we
find that compliance actualy increases from zero percent to 50 percent non-matched,
athough by only asmall amount. However, as expected, compliance rates drop sharply
when 100 percent of one' sincome is nor-matched.

Figure 3 continues this strand of andysis by presenting the average tax
compliancerate by tax rate. Asprevioudy stated, it istheoreticaly unclear how
compliance should respond to the tax rate. Here results indicate that tax compliance
decreases with higher tax rates. The difference is much larger between the 20 and 35
percent rate than between the 35 and 50 percent rate. Figure 4 presents compliance rates
by income. While compliance increase between 60 and 70 lab dallars of income, average

compliance rates strictly decrease as income rises above 70 lab dollars.

Regression Analysis
Results from severa generdized least squares regression models are presented in

Table4. Thismode of andyss dlows for amore precise understanding of the
relationships between the variables of interest because, in this framework, coefficient
estimates isolate effects between the tax variables and compliance from every other factor
that isincluded in the modd, induding subject- specific effects. Controlling for subject-
gpecific effects is especidly important because this isolates any feding of didike of the

tax system, fairness, etc. and dlows for a precise examination of the effect of changesin

theincluded variables.



Basdline Modd. Reaults from the basdine mode are presented in the first
column of table 4, labeled Modd 1. Contrary to our primary hypothes's, results fail to
provide evidence that tax compliance behavior responds sgnificantly to the portion of
one' sincome that is non-matched, and correspondingly, carries alower probability of
being detected evading taxes if audited. It may smply be the case that individuas smply
do not focus on this variable despite its effect on the expected vaue of compliance versus
nor-compliance. Instead, they may devote their attention more heavily to more well
known parameters such as the tax and audit rates.

Severd of the other varigblesincluded in this regresson are deserving of
atention. We find that higher income is associated with significantly lower levels of tax
compliance. More specificaly, an increase from 90 to 100 lab dollars would lower the
percentage of income reported by 4.5 percentage points, relative to an average tax
compliance rate of 49.2 percent. In addition, results indicate that the tax rateis a
datidticaly sgnificant determinant of compliance. According to this modd, arate
increase of 35 percent to 50 percent would lower compliance by 11.6 percentage points, a
sgnificant change when consdering average compliance rates. Results dso indicate that
higher audit rates lead to significantly higher rates of compliance. More specificaly,
increasing the audit probability from 10 to 30 percent would increase compliance by 6.5
percentage points, al ese equd.

Other Robustness Checks. The sacond column of Table 4 presentsa smilar
model with the inclusion of adummy variable to denote whether an individua prepares
hisor her own tax return. These individuas may exhibit differing compliance behavior

because they understand the tax system better due to their experiences with taxes.



Results indicate that individuas who do prepare their own return are much less likely to
fully comply. Estimates show that income reporting rates are 18.4 percentage points less
for individuals who file their own tax return relative to those who do not. Other results
from thismodd are basicaly unchanged.

The third column of Table 4 modifies the basdine by adding subjects tota
earnings up to agiven point in the experiment. Here individuas may attempt to enhance
their earnings if they have performed poorly in previous rounds, resulting in a negative
relationship between wedth and non-compliance. Alterndively, wedthier individuds
could have different risk preferences. Results indicate that higher wedlth is associated
with less tax compliance behavior. The last robustness check, Modd 4, involves the
incluson of avariable to denote whether an individuad was audited in the previous round.
Aswould be predicted in arationd tax evason modd, an audit in the previous round is
not aaidicdly significant determinant of compliance.

Categorical Explanatory Variables. Table 5 presents results from an dternative
model in which gross income, non-matched income percentage, the tax rate, and the audit
rate are denoted as categoricd variables. Indeed, funding availability did not permit usto
provide enough variation in these variables to be able to perfectly labd them as
continuous. Results from this mode differ dightly from our basdine results. Here we
find that only an income of 100 lab dollars significantly reduces tax compliance relative
to anincome of 60 lab dollars. In contrast to our earlier finding, resultsin this modd do
identify adtatigtica difference in income reporting behavior when subjects have 100
percent non-matched income relative to when only 50 percent of income is nornmatched.

However, results do not identify a statistica difference between zero percent nort



matched and 50 percent non-matched. Similar to our previous results, this specification
aso indicates that higher tax rates and lower audit rates lower overdl tax compliance

rates.

5. Conclusions

In this study we have provided an andlysisinto the effect of how income that
cannot be detected with certainty by the tax authority affects tax compliance behavior.
The results should shed light on the issue of why the self-employed exhibit different tax
compliance patterns relaive to those in wage and sdary employment if sdf-employment
is often difficult to detect. Experimenta methods provide severd advantagesin
examining thisissue. Mogt of dl, an gppropriately designed experiment will dlow for a
better isolation of the fundamenta influences of income detection rates on compliance.

In addition, accurate tax compliance data are difficult to obtain in the naturally occurring
since many individuas intentiondly attempt to hide evasion.

Results do not provide strong evidence that individuals who have alarger share of
income thet is difficult to detect exhibit Sgnificantly different tax compliance patterns.
Perhaps individuas focus much more heavily on other parameters such as the audit rate
and thetax rate. Indeed, we do find evidence that lower tax rates and higher audit rates
lead to significantly higher tax compliance rates. Results dso indicate that individuas
who prepare their own tax returns and wedlthier individua exhibit sgnificantly lower tax
compliance rates. Future revisons of this paper will examine more combination of

matched versus non-matched income (e.g., 25 percent nortmatched and 75 percent non-



matched) aswell as changesin the rate that non-matched incomeis detected by the tax
authority.

Since we are unable to identify a sgnificant difference in compliance behavior
between income that can be detected by the tax authority with certainty and income that
cannot, the question remains as to why do the saf-employed (whose incomeis
presumably more difficult to identify) exhibit differing rates of compliance rdative to
those who are in wage and sdary employment. One hypothesisis that the lack of income
withholding for the saif-employed may lead to lower rates of compliance. In addition,
the sdf-employed may smply make more mistakes since their tax returns are usudly
more complicated than the non-sdf-employed. More research is required to verify these

hypotheses.
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Table 1; Parameters

Percent Non-Matched Tax Rate Audit Probability Probability of Detection

0

25 20 10 25

50 35 30 50

75 50 75

100

Table 2: Experimental Design
Per cent Audit Probability
Treatment Non-Matched Tax Rate Probability of Detection

1 0 35 10 and 30 -
3 50 35 10 and 30 50
5 50 35 10 and 30 75
6 50 35 10 and 30 25
7 50 20 10 and 30 50
8 50 50 10 and 30 50
9 100 35 10 and 30 50




Table 3: Should a Risk Neutral Individual Comply?

Matched | ncome

Tax Rate Audit Rate

Expected Value of Compliance -
Expected Value of Non-Compliance

35 10 -26.5

20 10 -13.0

50 10 -40.0

35 30 -95

20 30 1.0

50 30 -20.0

Non-Matched Income
Probability Expected Value of Compliance -
Tax Rate of Detection Audit Rate | Expected Value of Non-Compliance

35 50 10 -28.2

35 75 10 -29.8

35 25 10 -26.6

20 50 10 -14.0

50 50 10 -42.5

35 50 30 -14.7

35 75 30 -19.5

35 25 30 -9.8

20 50 30 -1.9

50 50 30 -27.4

These figures are based upon an income of 100 lab dollars and a penalty rate of 50 percent of unreported income.



Table 4: Generalized L east Squar es Regression Results

Dependent Variable: Percent of Total Income Reported

Variable Mode 1 Model 2 Model 3 Model 4
Gross Income -0.454*** -0.507*** -0.286*** -0.471%**
(0.072) (0.071) (0.070) (0.074)
Percent Non-Matched -0.046 -0.042 0.037 -0.036
(0.030) (0.029) (0.029) (0.031)
Tax Rate -0.776*** -0.994%* * * -0.881*** -0.781%**
(0.098) (0.099) (0.095) (0.100)
Audit Probability 0.323*** 0.323*** 2.145*** 0.361***
(0.323) (0.077) (0.142) (0.083)
Prepare Taxes - -18.357%** - -
- (1.776) - -
Wealth - - -0.034*** -
- - (0.002) -
Audit Last Round - - - -0.246
- - - (2.101)
Constant 109.5*** 126.4*** 97.10%** 109.42***
(7.09) (7.16) (6.88) (7.24)

Entries are generalized least squares panel regression coefficients with standard errors in parentheses.

*, ** and *** denote statistical significance at the 10%, 5%, and 1% levels.

All percentages are on a 0-100 scale.

There are 2,940 observations for models 1, 2, and 3, utilizing 98 subjects.

Model 4 has 2,940 observations, also with 98 subjects. Here the first round was dropped becaue of the lagged audit variable.



Table 5: GL S Resultswith Categorical Explanatory Variables

Dependent Variable:

Variable Income Reported (%)
Income 70 5.631
(4.265)
Income 80 3.813
(4.231)
Income 90 -3.723
(4.231)
Income 100 -10.747**
(4.477)
Percent Non-Matched O 0.288
(2.295)
Percent Non-Matched 100 -6.980* **
(2.544)
Tax Rate 20 18.333***
(2.392)
Tax Rate 50 -4.934**
(2.396)
Audit Probability 30 6.463***
(1.563)
Constant 44,99% **
(4.12)

* ** and *** denote statistical significance at the 10%, 5%, and 1% levels.
All percentages are on a 0-100 scale.



Figure 1: Average Compliance Rates
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Figure 3: Compliance Rate by Tax Rate
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Figure 4. Compliance Rate by Income
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